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Methodology What makes an lvy?

Asian ldentifying e Black Identifying o
We selected and normalized a wide range of school-level statistics across student
body economics, diversity, and school size, faculty salary and mode. A few
examples of the 24 attributes we selected were admissions rate, undergraduate
size, proportion white/black/hispanic/asian, academic year cost, average faculty
salary, 4 year completion rate, median debt for graduating students, and average

family income.
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